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Measure Anything.
Measure Everything!



I Trending Topic

#AnomalyDetection
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I Requirements

(Near) Real-Time

Isolation

Low Footprint

Extensible
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Anna-Molly



I Scope Metrics

« Application Metrics Scopes:

+ System Metrics * Instance
 Cluster
- Service

Data-Centre
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Example

host-10-0-x-x:eu-west-1l:az-c:asg-20141112:service-

78fc7c:
Yields.c Py

* host-10-0-x-x:cpu

- eu-west-l:cpu

- eu-west-1l:az-c:cpu

- eu-west-1l:asg-20141112:cpu
- service-378fc7c:cpu

- service-378fc7c:eu-west-1:cpu
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I Anna-Molly

#
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Algorithms



I Anomalies :
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I Distributed System Behaviour
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Tukey’s Outlier Filter
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I Overall System Performance
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| Seasonal Trend Decomposition - Algorithm

Seasonal

Trend
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I Seasonal Trend Decomposition - Example
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Seasonal Trend Decomposition - Example
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Deviation
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I Evaluation
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| June 2015

https://github.com/trademob/anna-molly

Seasonal Trend Decomposition

Python implementation of t-digest
Algorithm algorithm

The basic idea of Seasonal Trend Decomposition [1] is to filter out seasonality and trend t-digest is a online clustering algorithm for approximations of ranked-based statistics, such as the
of a time series to evaluate deviations from the expected behaviour. By the use of Locally median or quantiles. The accuracy of calculated quantiles is proportionalto g * (1 - q) , resulting
Weighted Linear Regression (LOESS) Models a time series gets decomposed in a in very accurate estimations of extreme quantiles.

seasonal and a trend part. The remainder is evaluated to define a flag, which reflects the The algorithm was first introduced by Ted Dunning. Further information can be found in the original
state of the service. = white paper or the reference implementation of the algorithm in Java.

Evaluation Usage

from tdigest import TDigest
Error Type
td = TDigest()
td.add(@.54321, 1) # adding new value to the storage
e stl error = raw_input - stl_seasonal - stl_trend # adding some more values here

* median error = raw_input - stl_seasonal - median(raw_input) td.quantile(@.5) # estimating median value

https://github.com/trademob/t-digest

e nporm error = (raw_input - stl_seasonal - stl_trend) / (stl_seasonal +
stl_trend)
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Questions?

@ trademob.com

y @@trademob

m Trademob GmbH
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http://www.trademob.com/
https://twitter.com/Trademob
https://www.linkedin.com/company/trademob-gmbh
https://www.linkedin.com/company/trademob-gmbh
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